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[1] A two-year satellite remote sensing data set from the NASA A-Train is used to examine

conversion rates of cloud water to rain water for warm maritime clouds with different ranges of
mean cloud-layer radar reﬂectivity and rain rate. Recent work has demonstrated the utility of a
novel procedure that relies on the differing sensitivities of passive MODIS measurements and
active CloudSat radar measurements to estimate warm cloud conversion rates and associated
time scales. That work is extended here to examine regional differences in conversion rates,
including sensitivity to environmental parameters such as atmospheric stability and the
presence of different aerosol types deﬁned based on values of aerosol optical depth, ﬁne mode
fraction, and Ångstrom Exponent. Among eight subregions examined, the tropical Paciﬁc
Ocean is characterized by the highest average conversion rate while subtropical stratocumulus
cloud regions (far northeastern Paciﬁc Ocean, far southeastern Paciﬁc Ocean, Western Africa
coastal region) exhibit the lowest rates. Conversion rates are generally higher at reduced
values of lower tropospheric static stability (LTSS). When examining data in two selected
ranges for LTSS, higher conversion rates are coincident with higher LWP and factors
covarying or rooted in the presence of aerosol types exhibiting lower aerosol index values.
Citation: Sorooshian, A., Z. Wang, G. Feingold, and T. S. L’Ecuyer (2013), A satellite perspective on cloud water to rain water
conversion rates and relationships with environmental conditions, J. Geophys. Res. Atmos., 118, 6643–6650, doi:10.1002/jgrd.50523.

1.

Introduction

[2] The nature and magnitude of aerosol-cloud-precipitation
interactions remain poorly understood partly because of the
dependence of such interactions on meteorological and thermodynamic regimes, cloud types, air mass characteristics, and data
collection/analysis techniques and limitations [e.g., Gultepe
et al., 1996; Cahalan et al., 2001; Pawlowska and Brenguier,
2003; Comstock et al., 2004; Loeb and Manalo-Smith, 2005;
Mauger and Norris, 2007; Loeb and Schuster, 2008; Kubar
et al., 2009; Grandey and Stier, 2010; Su et al., 2010; Duong
et al., 2011]. One particular aspect of these interactions in warm
clouds that is poorly understood is the collision-coalescence
process between drops and the rate at which cloud water is
converted to rain water (termed “conversion” hereinafter).
Uncertainties in the conversion rates required to produce precipitation motivate a more detailed understanding of what controls
this quantity, with the goal of improving its treatment in models.
Additional supporting information may be found in the online version of
this article.
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[3] A number of environmental factors govern the time scale
of warm rain production in clouds, including meteorology,
thermodynamics, cloud dynamics, and aerosol properties.
The microphysical underpinnings of aerosol-cloud-precipitation interactions in warm (liquid-only) clouds are widely
accepted: an increase in aerosol concentration leads to a reduction in drop size (all else ﬁxed) [Twomey, 1977], which
suppresses precipitation production owing to less efﬁcient
collision-coalescence [Warner, 1968]. It is not clear whether
these aerosol-related microphysical inﬂuences persist in extensive cloud ﬁelds, and over longer time scales, or whether they
simply produce transient responses. For example, Lee et al.
[2012] show how aerosol perturbations trigger changes in thermodynamic proﬁles that promote modiﬁcations in cloud vertical development that act to remove the differences. Wood
[2007] also shows that changes in the sign of the aerosol indirect effects in marine stratocumulus clouds arise due to dissimilar response times for cloud base and cloud top heights. These
results are congruent with the buffered aerosol-cloud system
discussed in Stevens and Feingold [2009]. Ideas such as these
motivate us to look to new data sets, speciﬁcally those from
spaceborne remote sensors, to shed light on the extent of both
aerosol and macrophysical inﬂuences on clouds.
[4] Satellite data can provide a global view of the conversion
process and its sensitivity to environmental conditions. One
way to examine the inﬂuence of environmental conditions on
conversion is to apply a method introduced by Stephens and
Haynes [2007], which leverages NASA A-Train satellite data
[Stephens et al., 2002; L’Ecuyer and Jiang, 2010]. Their
method of estimating conversion rates and associated time
scales showed that the characteristic conversion time scale
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Table 1. Summary of Aerosol Type Binning Criteria Using
Threshold Values of Aerosol Optical Depth (AOD), Fine Mode
Fraction (FMF), and Ångstrom Exponent (Å)a
Aerosol Category

AOD

Angstrom Exponent

FMF

Clean Fine
Pollute Fine
Clean Coarse
Polluted Coarse

<0.1
>0.1
<0.1
>0.1

>1
>1
<1
<1

>0.7
>0.7
<0.3
<0.3

a
Although the term “polluted” is used, it does not always correspond to
high particle number concentrations; for example, “polluted coarse” can
represent air masses with very large particles that may have a similar particle
number concentration as compared to the “clean ﬁne” category.

for warm marine clouds varied predominantly between 5.6 min
and 3 h between June and August of 2006, with 73% of their
data set suggesting times longer than 26 min. The novel application of spaceborne data in that work provided a meaningful
link to current regional and global scale models. The goal of
this work is to extend the work of Stephens and Haynes
[2007] by using A-Train satellite data to examine the warm
cloud conversion process and its relationship with environmental conditions over the marine regions of the globe. The
structure of this paper is as follows: (i) overview of data sets;
(ii) summary of the method to quantify conversion rates and
time scales; (iii) examination of global maps of quantities associated with conversion and relevant environmental parameters;
(iv) quantiﬁcation of relationships between aerosol properties,
lower tropospheric static stability (LTSS), and conversion as a
function of liquid water path (LWP); and (v) conclusions.

FMF, the latter being deﬁned as the ratio of ﬁne mode
AOD to total AOD. AI is thought to be a better proxy for
CCN concentrations as compared to AOD [e.g., Nakajima
et al., 2001]. Table 1 summarizes how these three aerosol
parameters, based on 1  1 gridded MODIS aerosol data
(Level 3, MODIS Collection 5) [Remer et al., 2005], are used
to deﬁne four aerosol types referred to as “clean ﬁne,” “clean
coarse,” “polluted ﬁne,” and “polluted coarse.” It is cautioned that “polluted” does not always correspond to high
particle number concentrations; for example, “polluted
coarse” can represent air masses with very large particles that
may have a lower total particle number concentration than
the “clean ﬁne” category. The use of aerosol data over a
much larger spatial scale (1  1 ) as compared to cloud data
(~ 1–2 km) is intended to reduce issues associated with aerosol swelling near cloud boundaries [e.g., Haywood et al.,
1997; Lebsock et al., 2008; Chand et al., 2012].
[8] Data for low-level wind speeds are derived from
the Advanced Microwave Scanning Radiometer (AMSR-E).
LTSS data are derived from the European Center for Medium
Range Weather Forecast-AUXiliary (ECMWF-AUX) products that are available at the CloudSat data processing center.
The native ECMWF data resolution is 0.5o, and these data
are linearly interpolated to the CloudSat footprint in space
and time as described elsewhere [Partain, 2007]. LTSS represents a proxy for the thermodynamic state of the atmosphere
[Klein and Hartmann, 1993; LTSS = potential temperature
difference between 700 hPa and 1000 hPa].

3.
2.

Data Sets

[5] Collocated aerosol, cloud, and precipitation data from
the A-Train are used over a period of two full years (2007 –
2008). A detailed description of the satellite products
employed is provided elsewhere [Lebsock et al., 2008;
Haynes et al., 2009; L’Ecuyer et al., 2009]. Data from the
CloudSat cloud proﬁling radar (1.4  1.8 km) are used to
isolate single-layer warm-rain clouds over oceans and for
values of mean cloud-layer reﬂectivity (Z) and precipitation
rate (R) [2C-PRECIP-COLUMN product; Haynes et al.,
2009]. Lebsock et al. [2008] provide a detailed explanation
of the screening methodology to select only warm clouds.
This work examines precipitating scenes (R ≥ 0.01 mm h1)
with different Z thresholds between 15 and 0 dBZ.
[6] Near-simultaneous, collocated measurements of aerosol
and cloud microphysical properties from MODIS are used with
CloudSat data. Cloud properties include the drop effective
radius (re; 3.7 mm channel) and cloud optical depth (tc), which
are Level 2 MODIS products at 1 km resolution [Platnick
et al., 2003]. The 3.7 mm channel is used for re as it has been
shown to be more representative of cloud top radius as compared to the 2.1 or 1.6 mm channels [Lebsock et al., 2011].
Cloud LWP is estimated using the following relationship:
LWP = 5/9  rw  tc  re [e.g., Wood and Hartmann, 2006].
[7] Remote sensing measurements have previously been
used to identify aerosol types based on binning aerosol data
sets by aerosol optical depth (AOD), ﬁne mode fraction
(FMF), and Ångstrom exponent (Å) [e.g., Eck et al., 1999;
Dubovik et al., 2002; Kaufman et al., 2002; Barnaba and
Gobbi, 2004]. AOD is a measure of columnar aerosol extinction, while the effect of aerosol size is captured by Å and

Quantifying Conversion Rates and Time Scales

[9] The procedure developed by Stephens and Haynes
[2007] to estimate conversion rates and characteristic time
scales relies on the differing sensitivities of passive MODIS
and active CloudSat radar observations. Conversion can be
viewed as having contributions from both autoconversion (a
drop concentration-dependent process) and accretion (which
has negligible drop concentration dependence) with unknown
relative weights. The critical assumption is that the droplet
liquid water content and associated visible extinction properties derive from a smaller cloud droplet mode (“S1”; diameter ~2 to 47 mm), whereas the collecting drops, drizzle ﬂux,
and radar reﬂectivity derive from a larger mode (“S2”; diameter ~40 – 640 mm) [Stephens and Haynes, 2007; see their
Figures 1 and 2]. The derivation of the vertically integrated
conversion rate invokes the use of the Long collection kernel
for droplet radii ≤50 mm, K(R, r)  k2R6 [Long, 1974], where
k2 is 1.9  1011 cm3 s1. This collection kernel is substituted
in the following equation for the conversion rate, P:
Z

Z
N ðRÞR6 dR

P ¼ k2
S2

mðrÞnðrÞ dr

(1)

S1

where N(R) represents the size distribution of collector drops
of radius R, m(r) is the mass of smaller drops of radius r, n(r)
is the size distribution of smaller drops of radius r, and the
two integration limits correspond to the two droplet modes.
After additional simpliﬁcation, equation (1) becomes:
P ¼ k2 N R66 LH ½R6  R6c 

(2)

3
where L (= 4p
3 rw N S1 r 3 ; r3 = mean radius of third moment of
S1) is the liquid water content associated with S1, H is the
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Table 2. Average Values for Conversion Rate, LWP, AI, and LTSS for the Eight Subregions Shown in Figure 1a
2 1

Conv. Rate (g m
No Upper
R Limit
TP
F NEP
ECT
F SEP
GM
WA
IO
AC

0.12
0.09
0.12
0.10
0.12
0.10
0.13
0.12

2

s )

LWP (g m )
1

0.1 mm h
>R
0.09
0.05
0.07
0.06
0.10
0.05
0.09
0.09

No Upper
R Limit
121.8
151.7
147.1
151.6
125.0
155.3
127.6
138.8

0.1 mm h
>R
104.8
120.1
115.7
124.8
106.6
126.8
102.4
109.8

Heaviside step function to account for a negligible conversion
process when R6 < R6c, and R6 is the mean radius of the sixth
moment of S2. When considering that the larger
 S2 distribution

is represented by CloudSat radar reﬂectivity Z ¼ 64N S2 r66 ,
the vertically integrated conversion rate becomes:
5
Ph ¼ c1 rw re tc ZH ½Z  Z c 
9

LTSS ( C)

AI
1

No Upper
R Limit
0.07
0.09
0.09
0.08
0.10
0.25
0.11
0.15

1

0.1 mm h
>R
0.07
0.09
0.10
0.08
0.10
0.20
0.11
0.13

No Upper
R Limit
15.0
18.9
17.4
19.8
14.3
18.5
14.3
15.0

1

0.1 mm h
>R
14.9
19.0
17.3
19.9
14.2
18.3
14.2
15.0

the conversion calculations. Results that are sensitive to the
presence of different aerosol types cannot unambiguously
point to causal relationships, but rather can suggest that the
presence of an aerosol type and other conditions covarying
with its presence have an effect on conversion.

(3)

R
where P  h (= Pdh), h is cloud depth, c1 = k2/64, L from
equation (2) is substituted with 5/9  rw  tc  re, Z is the
cloud layer-mean radar reﬂectivity, and the Heaviside function
is changed to reﬂect a negligible conversion process when Z is
less than 15 dBZ (= Zc). This threshold critical value of Zc is
derived from Matrosov et al. [2004] and Wood [2005]. We also
employ another independent Heaviside function (re > 12 mm)
following work suggesting that there may be a threshold drop
size required for the onset of precipitation [e.g., Rosenfeld and
Gutman, 1994; Han et al., 1995; Rosenfeld and Lensky, 1998;
Ferek et al., 2000; Kobayashi, 2007]. It will be shown that the
conclusions herein remain robust, independent of which
Heaviside function is used. The majority of the discussion
will be based on the use of H[Z  Zc]. The ratio of cloud
LWP (units = g m2) versus the P  h term (units = g m2 s1)
provides an estimate of the characteristic time scale of the
conversion process. Since conversion rate and the associated
time scale represent different views of the same cloud process,
this work focuses mainly on the conversion rate with only
brief mention of time scales in section 4.2.
[10] The initial analysis of Stephens and Haynes [2007] used
an upper Z limit of 0 dBZ and an upper R limit of 0.3 mm h1
to (i) distinguish light and moderate drizzle, (ii) isolate clouds
in their incipient stages of precipitation development, and (iii)
attempt to view clouds with characteristic drizzle drop radii
less than 50 mm. While it is difﬁcult to unambiguously prove
that clouds are in their incipient stages of rain development, a
number of different upper Z and R limits are used to explore
the sensitivity of results. We use multiple upper Z limits
(0, 2.5, 5 dBZ). The associated upper R limit for each Z
upper limit is informed by Z-R relationships based on stratocumulus measurements [van Zanten et al., 2005, Table 2]:
R = aZn, where a = 2.73  0.07 and n = 0.68  0.01. The calculated R values are rounded down to obtain the following
upper limits: Z = 0 dBZ, R = 0.1 mm h1; Z = 2.5 dBZ,
R = 0.07 mm h1; Z = 5 dBZ, R = 0.05 mm h1. These results
are also compared with those using no upper R limit.
[11] This analysis is concerned with relative differences
between different regions, LTSS conditions, and the presence
of aerosol types. This reduces the inﬂuence of assumptions in

4.

Results and Discussion

4.1. Spatial View of Conversion and
Environmental Conditions
[12] Figures 1a and 1b show global maps of average conversion rate in individual 10  10 cells. These two ﬁgures
consider data when 15 < Z (dBZ) < 0, with the difference
being the upper R limit (Figure 1a: no upper R limit;
Figure 1b: upper limit of 0.1 mm h1). The spatial patterns
for conversion rate are the same, and the values in the two
maps are highly correlated (r = 0.82, n = 357), indicating that
the use of an upper R limit does not alter relative spatial differences. Conversion rates are systematically lower when
using the upper R limit with a global maritime average
( standard deviation) of 0.07  0.02 g m2 s1 and a range
of 0.003 – 0.22 g m2 s1. With no upper R limit, the average
and range are 0.11  0.04 g m2 s1 and 0.003 – 0.50 g m2
s1, respectively. Although not shown in Figure 1, conversion rates were quantiﬁed for an upper R limit of 0.3 mm h1
following Stephens and Haynes [2007]; similar spatial differences were observed as in Figure 1 with an average of
0.09  0.03 g m2 s1 and range of 0.003 – 0.22 g m2 s1.
The conversion rates in this work lie within the range calculated by Stephens and Haynes [2007]. (Note that they used a
different time span: June – August 2006.) The results suggest
that lower R limits coincide with slower conversion rates due
to clouds being earlier in their growth stages.
[13] Table 2 reports average conversion rates for speciﬁc
regions deﬁned in Figure 1a. Although results are reported
both with and without use of an upper R limit, the discussion
below is based on the latter condition. The three subtropical
subsidence regions (Far Northeastern Paciﬁc, Far
Southeastern Paciﬁc, and off the Western African
coast) with the highest LTSS (18.5 C – 19.8 C) and LWP
(152 – 155 g m2) exhibit the lowest conversion rates
(0.09 g m2 s1, 0.10 g m2 s1, and 0.10 g m2 s1, respectively). Conversely, the regions with the lowest LTSS
(14.3 C – 15.0 C) and LWP (122 – 139 g m2) (Tropical
Paciﬁc, Indian Ocean, Gulf of Mexico, Asian outﬂow) exhibit
among the highest conversion rates (0.12 – 0.13 g m2 s1).
[14] Figure 2 reports global conversion rate maps for two
LWP bins (≤100 g m2 and 150 – 350 g m2) to identify if
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Figure 1. Spatial map of (a) conversion rate for data with the following conditions: 15 < Z (dBZ) < 0
and no upper R limit; Figure 1b same as Figure 1a except the upper R limit is 0.1 mm h1. The highlighted
regions in Figure 1a are examined more closely in Table 2: TP = Tropical Paciﬁc, F NEP = Far Northeastern
Paciﬁc, ECT = Equatorial Cold Tongue, F SEP = Far Southeastern Paciﬁc, GM = Gulf of Mexico,
WA = Western Africa, IO = Indian Ocean, AC = Asian Coast.
regional differences in Figure 1 are preserved when separating the data set into two bins of a parameter that has signiﬁcant control over conversion. Conversion rates exhibit
statistically signiﬁcant correlations (two-tailed Student’s t
test at 95% conﬁdence) spatially when comparing results
from Figure 1a to high and low LWP bins in Figure 2
(r ≥ 0.62; n = 353). Furthermore, conversion rates for both
high and low LWP conditions exhibit statistically signiﬁcant
correlations with each other (r = 0.60; n = 345). Therefore,
spatial trends are largely preserved for varying LWP binning
conditions. Average global conversion rates for the low and
high LWP conditions are 0.04  0.01 g m2 s1 and
0.20  0.06 g m2 s1, respectively. A reason why Table 2
shows higher conversion rates for regions with lower average
LWPs is that there are competing effects of other covarying
factors such as LTSS. The individual inﬂuence of LWP and
LTSS is discussed in section 4.2.
[15] Estimates of autoconversion and accretion rates from
aircraft measurements in drizzling stratiform clouds (assuming a 500 m thick cloud) tend to be smaller than those in
Figure 1 [Wood, 2005]. Even when using reduced values
for the upper Z limit and imposing upper R limits, average
global conversion rates still are appreciable (Z < 2.5 dBZ,
R < 0.07 mm h1: 0.05  0.01 g m2 s1; Z < 5 dBZ,
R < 0.05 mm h1: 0.04  0.01 g m2 s1) and higher than
those of the aforementioned study. A direct comparison would
suggest that clouds in the satellite data set are likely beyond
their earliest stages of rain production and are already raining
appreciably. Accretion would be expected to be the dominant
rain production mechanism, which would be consistent with
the ﬁndings of Wood [2005] that autoconversion is signiﬁcant

only in the top 20% of stratiform clouds. However, some of
the differences in absolute values may originate from the
different estimation methods and data sets.
[16] Spatial maps of environmental factors that inﬂuence
the conversion process are shown in Figure 3 using the same
conditions as in Figure 1a (15 < Z (dBZ) < 0, no upper R
limit). Similar spatial trends and correlations exist when
using an R limit of 0.1 mm h1 (refer to Figure S1). The best
predictors of conversion rate when performing a backward
stepwise linear regression using Z and the parameters in
Figure 3 include Z followed by LWP, LTSS, AI, AOD, and
then FMF (model r2 = 0.82, n = 362). Consequently, the
parameters best correlated with conversion rate are LWP
(r = 0.43), LTSS (r = 0.35), and Z (r = 0.75). Conditions of
reduced atmospheric stability coincide with higher conversion rates, likely because of conditions more conducive to
convection that allow for more active collision-coalescence.
For example, the Indian Ocean subregion has the highest
conversion rate (0.13 g m2 s1) and lowest average LTSS
(14.3 C) in Table 2.
[17] AOD levels are expectedly highest near the continental areas of Africa and Asia owing to the strong inﬂuence of
dust, biomass burning, and anthropogenic pollution. AOD
exhibits a weak correlation with conversion rate (r = 0.06).
AI is negatively correlated with conversion rate (r = 0.14);
the link between more and ﬁner aerosol particles and slower
conversion rates will be discussed further below. Higher
wind speeds lead to at least two effects important for conversion: (i) stronger moisture ﬂuxes [e.g., Nuijens et al., 2009];
and (ii) coarse sea spray particles that can act as giant
CCN and expedite the broadening of drop distributions
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Figure 2. Spatial map of conversion rate for data in two LWP bins: (a) ≤100 g m2 and (b) ≥150 g m2. In
addition, data in both panels meet the following conditions: 15 < Z (dBZ) < 0 and no upper R limit.
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Figure 3. Spatial maps of average values of (a) LWP, (b) wind speed, (c) LTSS, (d) AI, (e) FMF, and (f)
AOD. These data represent averages in 10  10 pixels for warm precipitating clouds with
LWP < 350 g m2, 15 < Z (dBZ) < 0, and no upper R limit.
[Houghton, 1938; Johnson, 1982]. However, wind speed
shows a statistically signiﬁcant negative relationship with
conversion rate (r = 0.33). Wind speed and AOD show a
similar spatial pattern, except in regions with strong inﬂuence
from dust such as the Saharan Desert outﬂow region on the
western side of Africa. Wind speed is best correlated,
although negatively (r = 0.48), with FMF amongst the
parameters in Figure 3. FMF exhibits higher values closer
to continental regions owing to proximity to aerosol sources
other than desert dust [e.g., Kaufman et al., 2005]. The
highest FMF levels coincide with regions in the northernmost
part of Figure 1a that exhibit relatively low conversion rates.
[18] Prior to examining relationships between conversion
rate and the presence of aerosol types in section 4.2, it is
important to examine covarying factors with the presence
of the four aerosol types. While speciﬁc statistics can be
found in Table S1 for different upper R limit conditions,
values are reported below for the global area in Figures 1–3
using no upper R limit. The aerosol types coinciding with
the highest LTSS values are “clean ﬁne” (17.0  2.7 C) and
“polluted ﬁne” (17.7  3.8 C), which are coincident with
the lowest wind speeds (4.2  1.7 m s1 and 5.1  2.2 m s1,
respectively). “Clean coarse”/“polluted coarse” are coincident with LTSS and wind speeds of 15.7  2.6 C/
15.9  2.5 C and 7.1  2.6 m s1/8.5  2.5 m s1, respectively. The wind speed data are consistent with sea spray
particles (“coarse”) being more effectively ejected from the
ocean surface at higher wind speeds. The highest average
LWP is for the “polluted ﬁne” category (161 g m2) while
the other three have lower values (143 – 147 g m2). The
highest re values are observed for the two “clean” categories
(18.2 – 18.4 mm), with a maximum for the “clean coarse”
type. The two “clean” categories coincide with the lowest
AODs (0.05 – 0.07 versus 0.19 - 0.26 for the other

categories), while “clean coarse” is characterized by the
lowest AI value (0.02  0.01, versus 0.03 – 0.33 for the
other categories).
[19] It is hypothesized that the “clean coarse” category
should coincide with the fastest conversion rates owing to a
combination of the following: (i) fewer particles (and thus
drops); (ii) the potential presence of large hygroscopic nuclei;
and (iii) lower LTSS conditions and higher wind speeds (and
presumably enhanced surface moisture ﬂuxes) associated
with this aerosol type can presumably promote more active
conversion. Although the data set cannot show causal
aerosol-cloud relationships, establishing whether the data
are consistent with this hypothesis is of interest.
4.2. Relationship Between Conversion, Aerosol Types,
and LTSS
[20] Figure 4 summarizes values of conversion rate as a
function of LWP for each aerosol type in the northern
hemisphere (0 N–60 N, 180 W–180 E). Three LWP bins
between 0 – 350 g m2 are used to strike a balance between
holding a macrophysical parameter ﬁxed and still having
sufﬁcient data points for the analysis in each bin. To separate
the potential inﬂuence of aerosol type and LTSS, data
are separated into two conditions of LTSS (<13.5 C
and >21 C) to distinguish between stable and unstable
conditions. These LTSS bins account for the lowest and
highest 10 – 12% of the data set when using the following
conditions: LWP < 350 g m2 and 15 < Z (dBZ) < 0.
Four panels are shown in Figure 4 to present the sensitivity
of conversion rate to the choice of the upper 
Z limit, the
Z for the Heaviside
upper R limit, and the use of re or 
function. (The reader is referred to Tables S2–S9 in the
Supplementary Information for average/standard deviation/
minimum/maximum values and sample size for each point
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Figure 4. Conversion rate as a function of LWP for different combinations of aerosol types, and LTSS regimes
for the northern hemisphere. The data used include the following conditions: (a) 15 < Z (dBZ) < 0 and no
upper R limit; (b) Z (dBZ) < 0, and re > 12 mm, no upper R limit; (c) 15 < Z (dBZ) < 0, upper R limit
of 0.1 mm h1; and (d) 15 < Z (dBZ) < 2.5, upper R limit of 0.07 mm h1. Points are not included for
“clean coarse” for high LTSS conditions in Figure 4c and 4d due to insufﬁcient data points (<10).
concentration of particles. Table S1 shows the large difference in AI values for these two categories (0.03  0.02 versus 0.33  0.26). These interpretations require additional
research to improve the case for causality, which is a limitation with the current data set.
[23] Figure 5 reports conversion times as a function
of LWP for the same conditions as in Figure 4a to provide
the reader with a range of characteristic times. The
times reported are the average (standard deviation) of the

Clean Fine

140

Conversion Time (min)

shown in Figure 4 for the following parameters: conversion
rate, LWP, AI, Z, AOD, FMF, wind speed, re, LTSS.)
[21] Conversion rates expectedly increase as a function of
LWP. This relationship is not evident in Table 2 most likely
since LTSS was allowed to vary. Regardless of which
Heaviside function is applied, the conversion rates are systematically higher for low LTSS conditions and trends with aerosol type are similar. The effect of reducing the upper Z
limit is
that conversion rate decreases. Imposing an upper R limit leads
to reductions in conversion rates, similar to what is found
when comparing Figures 1a and 1b.
[22] Clouds inﬂuenced by the aerosol types with lower AI
values exhibit the highest conversion rate (at ﬁxed LTSS)
while the “polluted ﬁne” type almost always exhibits the
lowest conversion rate. This result supports the hypothesis
that faster conversion is brought on by a combination of (i)
fewer droplets (i.e. lowest AI values), (ii) potentially large
hygroscopic nuclei that can expedite the broadening of the
drop distribution (i.e., low FMF and Å), and (iii) lower
LTSS conditions and higher wind speeds. These results are
consistent with the ﬁndings of L’Ecuyer et al. [2009], who
suggested that enhanced levels of sea salt particles over the
ocean cause clouds to have an accelerated precipitation response, which they found to be more evident in low stability
conditions. The slower conversion rate associated with the
“polluted ﬁne” category (at ﬁxed LTSS) can be explained
by the opposite of the three reasons above for the “clean
coarse” category. The “polluted coarse” aerosol type has a
faster conversion rate compared to “polluted ﬁne” likely
due to a large extent from having a lower number
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Figure 5. Conversion time as a function of LWP for different combinations of aerosol types and LTSS regimes for the
northern hemisphere. The data used include the following
conditions: 15 < Z (dBZ) < 0 and no upper R limit.
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LWP: P  h ratio for three different LWP bins. As expected,
conversion times are fastest at low LTSS (36 – 59 min versus
37 – 92 min for high LTSS), they generally become faster at
higher LWP, and are faster at lower AI conditions. The
“clean coarse” category exhibits the fastest conversion times
(36 – 58 min at low LTSS and 37 – 74 min at high LTSS), and
“polluted ﬁne” exhibits the longest times (53 – 59 min at low
LTSS and 69 – 90 min at high LTSS).

5.

Conclusions

[24] This study uses A-Train satellite data to examine the
spatial distribution of warm cloud conversion rates and characteristic time scales. Emphasis is placed on examining relationships between LTSS, the presence of four different aerosol
types, and AI with conversion. This analysis does not preclude
the possibility that other environmental factors are also inﬂuential. The main ﬁndings of this work are as follows:
[25] 1. Warm cloud conversion rates are highest in regions
with lower LTSS and in the presence of favorable aerosol
types with low aerosol index values. The lowest conversion
rates are shown to be in the southernmost and northernmost
portions of the spatial area examined and near the subtropical
subsidence regions off the western coasts of Africa, South
America, and the United States.
[26] 2. The use of two criteria (Z > 15 dBZ and re > 12 mm)
to mark the onset of an active conversion process yields similar results for all analyses performed. The result of reducing
the upper Z limit or imposing an upper R limit is to produce
slower conversion rates presumably due to clouds being
earlier in their growth stages. Regardless of the various calculation methods employed, the conversion rates exceed those of
drizzling stratocumulus clouds derived from ﬁeld data;
therefore, the clouds studied in this work have a more active
accretion process and/or the differences are likely a result of
the different estimation methods and data sets.
[27] 3. “Clean coarse” conditions usually coincide with the
highest coalescence rates and fastest conversion times potentially due to some combination of fewer droplets, the
presence of large CCN, and favorable environmental conditions covarying with the presence of this aerosol type (e.g.,
low LTSS, stronger winds, and surface moisture ﬂuxes). The
“polluted ﬁne” category exhibits the slowest conversion rates
and longest conversion times most likely owing to higher
LTSS, relatively low wind speeds, and more numerous and
smaller drops in clouds that hamper the conversion process.
[28] Future work should examine the degree to which these
conversion responses, if still robust with other and larger data
sets, are driven by speciﬁc environmental conditions.
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